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Azimuth Angle [degrees] -0.27 0.048 -0.15 0.013 0.083 -0.039 -0.12 0.036 -0.14 - 0.8
Tower Dew Point Temp [deg C] 0.18 0.048 0.19 -0.016 -0.099 -0.22 0.19 -0.024 -0.

Tower RH [%] -0.3 -0.15 0.19 0.023 -0.21 -0.24 0.0041 -0.034

Total Cloud Cover [%] . 0.013 -0.016 0.023 -0.012 -0.0099 -0.021 -0.0033

Peak Wind Speed @ 6ft [m/s] 4 0.083 -0.099 -0.21 -0.012 0.36 0. 0.003

Vector Regression
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function that puts more of the 600
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Avg Wind Direction @ 6ft [deg from N] 0. -0.039 0.22 -0.24 -0.0099 0.36 -0.11 0.019

Station Pressure [mBar] 0.1 -0.12 0.19 0.0041 -0.021 -0.13 -0.11 -0.0021

original points inside the tube while Extreme Gradient Boost showed the best results for all three test sets, particularly with the

test set 1, with an R-squared of 0.78773, showing a promising fit with like datasets. It 1s
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Heatmap Figure 6 solar forecasting has shown promising use for the energy industry and better evaluate the
' usage of solar energy for client use.
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